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“BEFARZIMREICH® &

NN ARG, W EBIHEM S TN Z 5
BB RSy, T e —Fh S5 F M %8 (Damasio, 1994).
PR SINHLG B2 O A R I, 15 AN
Z 5 E I 5122 [E (Eysenck & Brysbaert,
2018), HETRBE IS (H A | B AEHE R Sk A T
PEPE(Barrett, 2017), 7EiEH . XL S5 HGH, HEK
FFARAMER IR N EE, MRS ASPr . it
e[ A . URE BRI A N FEALE]; R — R
SISO Bl T RS SiE IR Bl e &
H PSR S, 2R A R A IA A 2
(Ahmed, 2004, 2010),

X IR ST ML Y R G5, i ANRDF
MR DG . AT AR R AE A SR s 46
FIWr g, MRERE Y, @RS EE 5 R
AU G 3% 2 2] 194 B U] 5 3R 38 T 50 (Wetherell,
2012), X — FREA A CHURRIE . TE R ARTE |
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IFR S S T 3, B, HERE RS TiE
M-iBERZER . EFIELRSERAT, Mg e
#6142 2R 00 TE B 22 F BE 1 (Louw, 1993; Nevisi et al.,
2018), HiIR, 1 EGERBMH T Mix] iiFl &> (Hasson
etal., 2012): MEMIELE S0 51 &M pl 24t
Pk, HESHES RIS L A 20 (Ho et al., 2023), 1Ah,
1 BRI AR TR A S5 4L, TN B B B s i i I o
B A=Y, WL T H0 5 265 T 1R, H 2R
NFEAT A oo 45 2 P A EF FTJR 24 (Tamir et al.,
2016).

AT, 15 TR 2T 15 AR AN AN 22 T N 2l
CHRAR AL, o ST FRAT AT A AL 2 AR i 0
BAEAE” IR AE X — X b, (e I M Bl T B i
ANBOE AR BIEA O o ARl E R
KRR G, Il Box —BLf, KR53
NN FIFEAEAS T #E 2 (Binz & Schulz, 2023).

MR R S A (LLMs), 41 ChatGPT il
Gemini, CJEIH G AYTHE F A pl ., HEHL5S W24 fE
71, ibEE P RaE L, ARE T SHE ), i
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g T N TN LRI, (B2, XEKR
3t 1 5 IR AR ILAE BE 8 9t 4% M A i H SR TR S

[Py = s 15 P O 1 A o (D R i NG B G

LLMs 3 i Y125 68 78 R RS TE A vp U0 5 A5,
IR AL TR SE, RUT AZGE T R L5,
T RGE F MR M4 BT RELEHT 55 h i X —
WAL THERE, Wos il 5 AT hE

SR, PR N TR RERE 7530 1] 8 A1 1Y DG,
S IT AR TR T AR B T SO B ERR, T AE T
HIER BN 13 SRR B HE T (Ahmed,
2004, 2010; Barrett, 2017), 1% I ASUE T %4
B N, AT HGER BIEF MY, IR
H g g R B S i (Hasson et al., 2012; Hatfield
etal., 2009). AKX —HLHE fE RS2 ik
B985 58 s R 3L IR 3R 3 2 |- (Barsalou, 2008;
Ellis & Wulff, 2015), i 4H{IAY LLMs {3 TiHF
WA, ST L LSS E R
FL SR A (Bisk et al., 2020), (H{EARER AR, 04
AP, LLMs & JF 4f J 80 5 26 4 A it
SEHIHT SR ST, JU I NSRS R B <R A
24 2]” (Zero-shot Learning) : R ¢ JCAT A Wa B K 19
ZAET, E R A S R, B e
- HEFERE J1 78 J1(Wang et al., 2019), X FhEE I 7E
N T 5 2] o UL, B ANTE 2 T A8 FR Y
TR, MMETT L A 18 T 0 5 32 45 4 2 P
A RA R RE A, 7 SR W [ A9 41 F (Chomsky,
1957).

LLMs [H“FAEAR S 2 oh ke oy HAR 8%y > ffl
HERE PR T HEZENL S o AWEFTRE LT B 32 1Y 34)
IR SIS AT, i LLMs FlA 225 ) 5 X HE S
TR 2 2] FE G, X2 LLMs “FHEALE
FEE IR NE TR R AL —— 3 T R Y
TR S 1A AE AR 2 Ak . R EER A
JEH: EAE, PIEIIRELAT S IRE T AE& N
PRHIE . ASEAETE R B bl B SCHERR R
(Hulstijn, 2001), T LLMs W44 A 55 5 )|
IR 58 R B, 6 B X B (Brown et al,
2020), Hk, MEHELMPEEE 5T A
e 2 S A B ok BT iRl g A B B, T LLMs \f
#EJEFSHEZ B 2mnEsE, ST ANE
Rt o X —HURIZE M, AT DU R f A 15
R P LLMs 1% 1805 94 58 7 il G =X

FeAL LLMs FLA 2627 ) & e TRl Ry > 15 v i
RN ], AMUA B TEHAN T RAS RS

HA RN IIE RS RE T, L RE R 48 7R A 28]
T2 2 AL o T A0 A8 i O SR S 56
ARHFFE LA GE— 1 S g0 4k 54 55 2540 g L, gk
5 AR % FAE S, R AR,
B GBI SRS A . TR, JEE TR
2 2] Rl R v ] UG o T SOk B e i B
JEREE 3] S ALAR A DG SCHR, A28 B HE 5 SEUE AR
W, HETFE BRI A, AR AR ST A
A )
12 EEBEMZEIMNEE

KT EBE IR 2], AR T i 80
AEAR DAoL i 4 R Ry FE A A TR R RS 2, AR R
N B 27 5 Ry TR 75 S 00, Jefa R T efE g
NI & > 21T I R Uy VAR 817

AL Y U I T B I IR 2T I A ) ML
1, YT Sinclair (1987)%F F-26{a] (4N set in)fil % i
PAE S JE S (4N rot. decay. disillusion) /Y
WMEE . Louw (1993)7E LAt 42 H <i8 SUF &,
F )V 30 3 5 A s R S ) A TG B AT AR
HIB IO . T, spark -5 R EEE (40 lively .,
justice)LBH, fij trigger W] £ 5 H M iEHE (U sudden
bankruptcy. crash)>CEK . 15 SR B A B3R BT 1A
SC, HUGF HE SO TRV B W AR PR S, X —
T | 3T B i SO B A B R T RRIE IS 1Y
SZ(Nevisi et al., 2018), R, “f&YLifi” B3 T XF
Al A HLE ORI LB G i, R I e
T 1A VR A2 Mo A 17 SRR £ R ) A% el A%t LA
B 7R BB AN TR AL 252 ) B B iR R AE

Snefjella % A (2020) 1 L H T i35 1% k2 2
B TER VLo AT IE 1 AR 4R AL B R
— LTI T 5 WIS . LhNERRE R 2 R
R . TR RN R AR SR /N ST, I T i A
() B AR EIRI (AL 3.2 /N9 S5 SR A B, R ArA R H
B BRI A 0 S 58 i A e X, (R A SRk
BB S BaBE R Rl R e AT, S e
PR EARF A MR, A0 SR A R A T A T B P
FEN], MSIANENREN . X A2 S5 5
155 JER 2 1) 32 22 ik S A 0 b DA T 55 3 % 3] 2 ST B %)
H w7 T B0 18 SR AE B, 9 N 4k Sk AR AR
() —AER5r . SR, R TEB U ERIS S ik b
HOHLHE TR A, (XTSRS K R AL A
KEANIIRAIE, 24 ) F IR | TEBEAR St S b A vk
BT R A ik — R

TEDLRLA b, 52 0F £ FIZR%E (2024)#2 T XL
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AR AR L, AT LA R SCREE E e, ER
T Snefjella 45 A (2020) 5255, (HAESC 5 Tk 4%
TIEEEREXA B E(ER vs. 2, LX),
L5 4 Bl ) s AR A8 () 1 TR A A R[] A
B, B 2 T R A (R A7 SR A7 e A ()
Bl FSIENCI , S5RUESE T IR B R ] A
Bk, (AR & X AER 2A 5N RAER
58] {52 A ] R M sk 22 i A2 e A, B B TR R )
PR A — R R AR Y < R

B, WFoT# (2%, 2024; Thik, 2%, 2024)
TEIEIEES, S5 Snefjella 25 A (2020) D4 M %245 &
FIZHE(2024) 2 30300, K30 1B S H R AN
Al DA R A5 i H bRl Br B E e 1 1 i 45
WK, 7E BRI R, BB AT DLGE
Bem BARiaE R, (A& FaE B [l i 57 25 5 AR 5
PERI2E ) B B KR

BEMT & 2, BAVEC RGim A% Hn]
FE VLR 32 S Ll (%) R0 By > 75 0k 72 v 20 15 H A
) AT AR R P TE B R, BVEE SCRY . SR, AR )
AL AR AR, BV B ) 2 5 i — 2B Al AR B
(1) 2 15 (B AG TR 598 ), ARSI, —JF
T, #4358 3CRE < BN SRR 0 (positivity
advantage): 5 PEEIHBOE A L, FUBOESEE A
AT 2 A5, RPN & AR m 3 TR X
A AT FE A B TSR (Snefjella et al., 2020), 55
—J7TH, WA TER AR (negativity bias):
7 TE 5 R T 5 ) 17 8 e 5 A RN B A, A TR AR
R o HAR 4 (Driver, 2022),

G5 — AR P BUR £ B B AR S AR
(Bolger et al., 2008), EP“Z i if &L 5 A~ A
F TR 2] B ) B (R P T, 28, 2024) MR G
TS 5K 3y i) BRIS HE 22 (Instance-based Framework),
TN AE 2 RE B35 b % R BT AR L 22 il vy i
SO, e R0 B R4 . Bolger 45 A (2008)
Fl Lauro 55 A (2020)H9 5250 X FFiZ M, KM%
T U S AR TR AR S T SO A R AR,
WA B AR BB AL T i4E . Horst %A
(2011) &, HIEZTHE(“ZH ) S E A BT X
(24 2] FIAR-4F; Joseph F1 Nation (2018)J548 H, 1E
2 )RR B, TR B 2 RE I OT R R B A
41, Balass (2011)7E #5733 SCHI AT 55 8 2000
B HE BT TR IBER 45 R,

TEMWTEHT, ARG LA BREARIL 22 2 1E
SCUGHESR, LEE LLMs LA K24 > FAE ity )

R ARG ERE S, BRATLUEE N TR RER G
FOE =R A YN V2 2 e N T DA CIE 2 TN S
TN 2] A5 AL ] v A DG B AR e —— 1 RN 5 1
AR SR OIS . BAE, AR EIE LT
= AN [A)

(1) KiEFH HER(LLMs) & 5 1@ N —FE > 15
W R

QWE—Fhifbe &k, B R EE, HREE I
LLMs MialiC2% > 2

G)IEBEE BOE XA LLMs A1) 24 > #f
Sl AT A
2 Tk

SEER ST PN B s PR R AE )RR
VIS, TEARWIGE Y, “BREARE S =20
JF9E LLMs 7858 2 Tk A PR T 58 AT 55, e
T AU A 42 32 AT AR OC T I3 AT: 55 5 H b i) 30019 R
FE WEB BRI S, AN 3 6 SRR ) S A ) ) 1 45
ANER, AE DU R AT BRSO, A S SRR
FEARATS5 1) X 32 X (Brown et al., 2020).

WFFE B 7 U LLMs 5 A 224 ) 3 1 1 Jkes 2
R PHZm , NIRRT 3 Hy I &
(1) Snefjella %5 A (2020)32 56 Hr A TLIEREIE &5 (2)%
R 5 A28 (2024) 32 56 I DUE RHE & Q) TEE L]
S I T A 2 (58 B B A O SO Rk
e 3 A EHM LA 5 58I — 3L,
FT M BHEE T LA 225 JOE RS 590k
o) A Snefjella 25 A (2020) B4R 3E SCHE KL,
DUTE BT 2 A 28 38 )™ A 1 SCA5 B0 135 1 vh S
A RY,  DAB CR&ES F FIE S — S0t . e TR
T, & SO T T Wuggy 2B A RIR], S s
DUIAR FER ) %) A8 2 D 0], DA BRT R A1) 3 5 136 1) Ay i
HEATE IR s, A BRE F AR A TG AR R DU
flinl . AT, ASCHK 1A 3 GRS
S
21 XKIESHEE

AHFFE I T 2 H = AN AR 4 B
WAL, 430002 300 — 7 (Ermie Bot 3.5). ChatGPT
(GPT-4). Gemini (1.5 Pro)5 LLaMA (3.1-8B), #&
RIBEREENE LA PR (LR 1) (D) 35 280 Eid
ARZEN, A $EFRUE Transformer ZEAS (U LLaMA |
ChatGPT) 54 MoE #Liil(Mixture-of-Experts)
RAZEHIAN Gemini); QYA ZREAIIZGT R 515
T IE AL, S OSUE AR AL (S —
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F1 HE#HKEFERGHN
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£ 00 7 T N APVEY | B iz

BRI F Wty K S8 B R (token) Z RIS RE
HEE: ULh—F 35 Transformer/A A I PR 8K SCHRESCA GRS AE B Th A HEFRAE ), 1E AR OSOESE .
OpenAl: ChatGPT 4 Transformer/> 1.75 Ji{. PR 8K SRRMEMGA B . BAFHERRE ), KRR A
Google DeepMind: Gemini 1.5 Pro Transformer, MoE/ARAFF IR 2M ERRAERAR A . AR U R R RE S
Meta: LLaMA 3.1-8B Transformer/%J 80 12 FUE 128K SUAER, B 2RISR, VIS, SERHSHEEE )
FCHAEAR AL, ChatGPT 5 Gemini NHif TS 222 FEiEH#

By, (3) B A A BURE 55 T PR A, 0455 DA A 2
HIFERAL, X SRR E SR B3 . SR
AR SCRT A B 7 T 28 S W, AR RS SO
SR SCAE BRIV B Y RE ) O TR B S B,
B R rRE e L e .

i UL, X 4 RVEBIRLIUER TR FoR
PR SR F R T |, JFAETE4 XS PERE o8 4
AL, TRAESRA . JTcME . TR EEAC . HERRE )
SEOCHEAERE b ARAL T HA AR ) 10T IR BEA . DR,
ARWFFTEAEG — i AR AT 552 AL 5 i th PFAG 19 A1
T, XF 4 AR R AT 1T OPATIE, DARR
A RS AL T T 55 17 JR% ~T 194 55 v g Ak BB AR R A T
FE SR S 3 21N ZRAE A A R AL R
A 7 AT B (4 41 LLMSs + 3 412: 20 ), K5
T R ) 5 SGR T R AL A 2 AP B ik
SRR T R SR
22 W

HITE AL, LLMs 1Y~ 2 PRG35 — | =41 gk
HESC e 4 —HE, (4G BREBk . IRATEBE B
(1) B bRl DL AR, 3 L Snefjella 55 A
(2020) Lk S 175 £ FNZE%E(2024)

221 H#xiA

—ILE L 9 A~ HbRia 2 >], #2 Snefjella %
AN (2020)f# 1 Wuggy # /4 (Keuleers & Brysbaert,
2010)4= 1 9 AMMBA, 40 5)J& . aunith, ceammy,
cruce, flyph, mernt, neak, plurk, rotch Fll wurge, iX
Se A e DS M SR A A, AT S TR
IESFEE PR E R

BA BB VCEL 5 MBI . —A 2 R R
1] (40 crooce XJ Vi cruce), FHAE HLiR] IE PR BT 55
WA, J3oh 4 D HEFERE, FHESI S 4 38R
AP LAY F R L R 30), — AT 45 41
Peoifinl, BarlEf L TAREAAGE, B0k H brinl
R IR FE A ) B 15 SR S A A 35 25 S R L
Snefjella et al., 2020; RFFE, 2%, 2024),

SR L =B (a triplet) M AL BT, B
AR R A Bk 2 =R L, B SR 3 B
[ Y S, andail(1):

(1) a. Her wonderful teacher performed at the
exciting concert.

She was playing the (NONWORD).
b. Her new teacher performed at the normal concert.
She was playing the (NONWORD).

c. Her annoying teacher performed at the horrible
concert.

She was playing the (NONWORD).

IR R SRR S PR, A — )l P
B4 TR AR TE SR O TR, o AR A
TH = AIKF, A =R  55 =) 348 0] 56 4 A
[F], A3 25 ) 0 BARTA o 58— S A 0% B AL A
AR T B8 REAA Ty > 2 HEWT R A1 E AR IA] 93] 5L, B
HPE S (denotation). BT Y H A7 i) 3228 #Y FPE 38 X
HhaE v ER, ot HE AR T R LA (R
SR, In—Fh AR L RS B TR, Feantil(1)
FORME—F AR . —3A 9 MAME L,

B B AR 7345 (i A)TE 5 DA TR =I5,
P, —3EIE T 45 41 =B (9 * 5), 3135
345 x 3). WA BRI — LT E R 1 45
R EC, B AAREE AR T 5k, X
Al DURA PR 2% ) i i B 32 >0 199% H AR (0 Blythe
et al., 2012; Godfroid et al., 2018). [iSEhHkl %
Snefjella 5F A (2020)=F Se i it IyBit A Bk, DAXT —
SRR A S AT R, P AR A B A H bR
i) I AR

TE B BB . P A ) i N 78
KT Jrde, R 3 A TEBEE RO H Risl iy
9 FrHME SO 3R 135 A BH(45 2 =14 iE
1128 SOy, —dLAE T 9 EMEL FEREM R,
B BARE Y BAE 5 DA R, JF HIRZ&
PRAE ) —Fh i B 1 I H R IR R —Fh AME SCo it 9
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ERPRE, BR T A H AR B T AR
B, Ik T R —FPANIE SO, SCBLT 4w HL4 i
Wio FIAL, KRR SR, SCR R TR
BARE(ER vs. Zl)X MR, HiE, HER
Tl AR i, BPXT R —A> B bRia) 24 1k S0 50 Xt
S AR R IR S i, ZEA B S R AR R,
L, e—HERT 18 BB MENO x 2), %k
T & 78 b e DA 55 o R S B0 U B 7 4 ORI
oAt BTy, TR 4 SRR HERE 5 — B, DA
S N T 4 e T R DN S S IR i I D)
Pl b AR 2E T 5 LR IR R

2.2.3 ECER A

— T 5 FENC RIS, DOAASTR]
B ok A PEAY LLMs Xt 5 brial ()24 T ROR, 503
K BN PR SS  A TR RS . IETEA
PRAT S5« SCVCRAT 55 e A AT 55 o BRA 17
AT S5 LIAN, HAh 4 T 55 BRI SC 56 56 2 —FF

T BN P55, F T LLMs XHE 51
TR 27 SRR — 38 18 AR, G 9 A~ H AR
(an flyphyFn 9 A~ 518 (4 snicle), 7EMIART, #Hh
BEMUNFEAR S BE, LLMs 8 265 B30 2 1n) & 5
B FE A A BE 2 v LA, AR s, BBk El T
— i), AN E, WX AT B (1 Fon
i, 9 LoR“mith).

)7 A 55 AR I X LLM s Xof 1 55 17 Jek 1Y)
FIROR AEMAT S, — S 18 ATk DA B AL
FPARUE B, LLMs B 5675 280 Wi inl 2 75 85 76 5T
TR0 A B g v DAk, SR e m, HAEBEEIR i,
AR RS, W R R AR i — A 30 N1
WA Hrp, 94 BARiE, 534b 9 A TR
XM AAT 55 AR T I S i MG AR 55, 2T
DAY X WO AT 55, 2 RN TE F AU LLMs 1Y
BobIiieZ — o A i, AT DL S 3 LS
EE M HAS RSN T, PR LLMs XHESE 1 )
S ROR, T b S R RL A S2  y F H  R BH

IEFIEREEAE 55, T LLMs % Hbria 1
TR AR AR o FE A, LLMs —JL55 ] W
18 AR 8 AE B R B, 9 AN B bRiEl
flyph), 535 9 A~ SIEFEEIR (N fliph), 38 P4l
LLMs X 43 H brial 5 3078108 (6] 1) i g g, kil
w1 HE AR IR TADE B8 12K

FE SCVEREAT 55, FHTPEAG LLMs X Hpria i1
iR (meaning recognition), 7EIGAE S5 H, LLMs
o TE 25 A8 I8 SO e R 5 L in] D I A e I, — Ay

18 A, 9 A~ HAwa, 9 A IHFE R . & X
HE AT S5, T LLMs X B Axia 14 36 X [E1Z
(meaning recall), 7ELUAT S5, —3EF 18 ANk,
9 A HbRiA, 9 AN HIFERIE, LLMs 15 /o 20
S A2 7 E T 1A D 50 152 v il 3 5k i), RSN
M B R T — o1, AR 5 2 A U E X
A4 SCRIIE I SORE SCEIE] SR,

SR8 E CVC L AE AR AT 55 #R T LLMs
Xf B AR 1R S 2 RO, (B, g SCAE TR
ICAZ R EGRE SC, A Fe g CPRTE H 38 SCIRBI (A
25 38 I IR R AR 5 BR] DL BC B9 a2 L), B Y XERE
R, BT m g ny L i N (Laufer &
Aviad-Levitzky, 2017; Stewart et al., 2024),
23 #ERF

ARWTFE LB = TURE e 52 56 (S 1h i 1 )
Bl WA, $egik—— xR i T LLMs i AT
B S 8RR B E I IR A 306 44 T [E 9
W), R4 132 45 4 SO 58 A 4 R
Mo e, FRATARE— 2 NP d— F X
(Y LLM R o 5 20 57 3K 25 175 (session) g 1L
K AME— WL A TT, DIRE b5 [F] T AR S s
“—aa . Bk, BROE S RIALEE 4 R
NEFERE 306 Ui, TR 1224 4 BRI .
T—Uaiih, BRI ST ™A% 52 BT
P N, ARt T 5 AN EEE 0 mT L,
WARER T AR B REHLME

A BRSSO A ST M, ASBIFGE SR T A
M2 T B BRI . B SR BRI E T F P s
oy, REBITE L AP AR IR S8 B 45 J 5 S 150 132 S B s 5
T (A5 R 77 A 55);, — HIX S g W, o
RGN JRG I 25 % 3k b8 SC5 P SR 2 A7, I HB T IR B
o, MRS EPEMERT2IERE R . IWREF A
BB 1 25 ih 5 B AL, W R IR A BN (WL
SOXEWRIN k7 P A% B, FERIEARTR] LLMs 1Y
SR BT et S ] iR . T A IR TE A O
RS, SRt L) SO T T 55 i A 5
BRI, ARAMEMDR G RESIIGMER A, Dk
UAESNInESIRTiIES o IR RS “ 5

AR5 AR B, 2% LLMs 785 — Nk 20
HoE 45 RESCRI R EE (IR 1 A 800 5, 2RI
$:32 5 BHANCIR, WPy BRI RTST . 15
R VEIT S5 . AERUT S5 . VLECAT: 55 Fia) 5
FAHATST o AR R D, BRI 75 ] 5
JLt, BRI 1 A B T A SR A A
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31 BEBERNIE

ISRl S AT 55 A F 7 AT 45 ok
et LLMs X el ) I 198508 . th T3 5iE
BEEE B R EE, ik, HAEELA 4, Snefjella 45
AN (020) T4 RO ZE S i X v SRR B RN i 2
235, AOTE R, EAATRRE R LLMs A%
G I
311 ERMMITES

Snefjella 25 A & P1(2020), Jif£FiE % H B
FE R T B35 B P i B bR B R T 2
IR (e, T T A o B A7 SR e By B ] A 2 D
AR GEITHEWT Y2 R — 2P UE S B REE A 7 3
FRIEBEEIECT GEM vs. P vs. BUR)FTTEPEIAF
FE 2, TR T ISR AN B D A 3 H ARl

K1 23T WA H (P SCRES . iR
2 BV K A5 R[] B K3 7 B RLAE H bia) 27 ) i
Y TE SR 1 B ST I 25 3R

ME 1 ATLUE B, P> 3 2Z [0 4 B
Sy FRIAE SRR B AR R R, HEENE, &5
DMRIBEFHAR, NEECL—7F, @& ChatGPT,
Gemini o{ LLaMA 191 B PEo3 76 AR =0
B X P 2 2 F AR H AL U BB i 1 B
Vo SRS, MTEBOESE F B9PF50 WLEJE R .

f#iF R &5 A ordinal ALAY clmm (OBRER, XA

2 2 2] 3 UL KA A KIE B 4G B Vo (O
J7E0HE ) LG B8 B B 42 1R A R0 A 8 (Christensen,
2023), ALY [ RO R AT AN TSRS B
e e BRI ) A (R SCRRE R . i
A H LA KIEFHEA), BV FERA 3
A PO EER L ) - RN I A H AR
DGR AN E RS S, BRI A B S5 R R, AN
Fheg > A, RN IS AL 2% 2 3 (BB A ),
ERAANANF B RIE F R, XA 3 RN RIE
FEAH BT 1Y B AR ] TV 18 AN V4 #RAE A . 3
254 (2s <—9.00, ps < 0.0001), £} N . FMiESE >
bEIESE > WHAOESE . IEWRTHE AR, BT
XSGR A B R ], AR XL, e A R4
BRI Z G TR B R R . B . KiE
SCYE RN — R . — 1R85 L), PR, 7 5 X
SRR 25, LI G T RIS B Vo A 25
PR IRE ST RESR H Fifide, RIALATT AR B 15
Berhe o T HRaAl I IR
312 AFFEHHBERSH

BANTE T B ) AR A B T AR Y o
W, B3O —5 N 89.10% LAk, Hofl # # i
90%. ffif Python Y HRIEF AL T H TextBlob
XA R Y IERR A AT ISR . TextBlob
SN BA A FA UG AT 5y, JEEI-1 2 1, fAE
FOR T RS, IR AE N R OR IE TE R, AR,
75 R RO R . 1B 2 SR T AT A R

DOEREE TIE IR Xh—F
8t 81 8
7t 7L 7
§ 6 5.56 § 6l 571 § s 5.93
& st &5t # 5
o4t #eo4t i 4
3L 231 3
Bl Mol )
1t 1t 1
0 1 0 1 0 1
THR el AL THR el AL TH% ik A
BRI BRI BB IR
ChatGPT Gemini LLaMA
8t 735 8t 8L
£ &7l &q] 6.85
:&; Z_ 5.69 %§ Z, i 6.30 fvg Z |
7 41 74 45
B 3} B3t B3t
2r 2+ 2L
1t 1t 1L
0 . 0 . 0 I
THR el Al THR el Al THR ik Bk
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Zero-shot language learning: Can large language models (LLMs)
acquire contextual emotion in a human-like manner?

WU Shiyu, WANG Yiyun
(School of Foreign Languages, Shanghai Jiao Tong University, Shanghai 200240, China)

Abstract

Emotion is a structural resource in human cognition that guides attention, memory, and social coordination.
During incidental vocabulary acquisition (IVA), readers often internalize the affective tone of surrounding
discourse and transfer it to novel words (“contextual emotion transfer/semantic prosody”). Recent LLMs appear
to display analogous behavior despite lacking embodiment, raising the question of whether they can acquire
contextual emotion in a human-like manner and whether the same contextual factors shape both human and
model learning. Building on usage-based and distributional accounts, we expected two robust regularities to hold
across agents: a positivity advantage (higher contextual valence predicts better learning) and a variability
advantage (varied contexts outperform repeated ones). We further hypothesized that, in more demanding recall
(definition generation), contextual valence would interact with variability, such that positive emotion would
amplify the benefits of varied contexts.

We conducted zero-shot, parallel evaluations with four representative LLMs (Ernie Bot 3.5,
ChatGPT/GPT-4, Gemini 1.5 Pro, LLaMA 3.1-8B) and three human cohorts matched to prior IVA paradigms
(English L1, Chinese L1, English L2; 306 participants). Each agent learned nine pseudowords embedded in 45
two-sentence texts spanning positive, neutral, and negative contexts; context variability was manipulated
between repeated versus varied exposures. After reading, LLMs completed (a) valence rating and sentence
production (emotion transfer) and (b) orthographic choice, definition matching, and definition generation
(form/meaning). LLMs were evaluated in strictly isolated zero-shot sessions with no task-specific supervision or
fine-tuning. Ordinal mixed-effects models (CLMM) analyzed ratings; linear/logistic mixed-effects models
analyzed production and accuracy, with random effects for participant/LLM session, item, and denotation class.

Contextual emotion transferred reliably to targets: across humans and LLMs, ratings followed positive >
neutral > negative, and generated sentences aligned in polarity with the learning context. For vocabulary
learning, both groups exhibited a positivity advantage—higher contextual valence significantly predicted better
meaning performance—and a variability advantage—varied contexts significantly outperformed repeated
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contexts in definition matching and definition generation. In recall, valence interacted with variability: positive
emotion amplified gains under varied exposure for both humans and LLMs, yielding the largest improvements in
definition generation. LLMs frequently matched or exceeded human accuracy in form recognition and often
reached higher overall accuracy on meaning tasks while preserving the same qualitative patterns. These effects
held in mixed-effects analyses controlling for participant/session, item, and denotation, and were observed
without providing LLMs with examples, feedback, or fine-tuning.

The study showed that LLMs did acquire contextual emotion and reproduced core human regularities
(positivity and variability advantages; valence-by-variability interaction in recall). We interpret the convergence
via a Dual-Mechanism perspective: human emotion learning is embodied and socially situated, whereas LLM
“emotion” arises from distributional co-occurrence and vector-space optimization; distinct mechanisms can
yield functionally similar behavior. The findings advance theories of emotion—language interaction and support
context variability as a general driver of vocabulary learning. Practically, emotion-sensitive LLM behavior can
enhance educational and communicative applications, while necessitating safeguards against unintended
amplification of corpus-borne affective biases.

Keywords large language models, zero-shot learning, emotion learning



